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BACKGROUND OBJECTIVES
 Pediatric Obstructive Sleep Apnea (OSA) is a highly prevalent * To assess the diagnostic performance of an explainable deep-
respiratory disorder characterized by recurrent apnea and/or hypopnea learning model capable of estimating the childhood OSA severity
episodes during sleep from airflow (AF) and oximetry (SpO,) signals

* Polysomnography (PSG) is the gold standard diagnosis test, but its cost,
complexity, discomfort, and limited availability contribute to
underdiagnosis of the disease

OSA detection

IVIATERIALS AND METHODS

* To identify novel patterns of AF and SpO, that contribute to the
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SUBJECTS Ha5) CONVOLUTIONAL AND RECURRENT NEURAL NETWORKS (CNN+RNN) WITH GRADIENT-WEIGHTED CLASS ACTIVATION MAPPING (GRAD-CAM)
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RESULTS
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Figure. Grad-CAM results in a) normal breathing; b) apneic (A) and hypopneic (H) events associated to blood oxygen desaturations (D); and c) hypopneic (H) events associated to arousals (*)

CONCLUSIONS
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* The improvement over conventional techniques, along with pointing out the AF and SpO2 regions /
that most contribute to the model prediction, highlights the effectiveness and reliability of A promising PSG alternative to
combining deep-learning strategies and these signals for simplitying the pediatric OSA diagnosis provide early, objective, and

 Qur proposal could be a powerful tool to automatically identify the OSA-linked respiratory patterns

accurate diagnosis of pediatric OSA
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and contribute to its interpretation \ /
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